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Abstract
In this note, we establish the bounds
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cg% < P{ // So(Bs — By)dsdr < s} < CE%
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for the mutual intersection local time of two independent 1-dimensional Brownian
motions B and B.
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1 Introduction

Intersection local times (including self-intersection local time and mutual intersection
local time) of stochastic processes are a fundamental concept in stochastic analysis,
which also play an important role in the study of the quantum field theory, stochastic
partial differential equations and models of polymers. Our goal in this note is to
establish the small deviation for the mutual intersection local time
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driven by two independent 1-dimensional Brownian motions B, and BS with By =
By = 0, where 8y(-) is the Dirac delta function on R (see, e.g., [1, Chapter 2] for
the detailed construction of intersection local times). The mutual intersection local
time measures the intensity of path intersection between two independent Brownian
trajectories. The following is the main result of this paper.

Theorem 1.1 There exists constants 0 < ¢ < C < 00 such that for small ¢ > 0,

Wl

ce

1 p1
< P{ / f So(Bs — B, )dsdr < e} < Cs3. (1.1)
0J0

The small deviation (or, small ball probability) is an interesting subject for stochastic
models. An interested reader is referred to [5] for a survey of general development
in this direction. The goal is to find the decay rate of the probability P{||G| < &}
as ¢ — 0T, where G(-) is a stochastic process or a random field that is properly
embedded in a Banach space endowed with the norm || - ||. In our setting,

1 p1 o)
// 80(Bs — B,)dsdr =/ L(1,x)L(1, x)dx 2 |G|,
0JO 00

where L(z, x) and L(t, x) ((t, x) € RT x R) are local times of B an I§, respectively;
and the random field G(x) = L(1,x)L(1,x) (x € R) is embedded in the space
LY(R). Due to technical limitations, the random fields G(-) in the literature of small
ball probability are predominantly Gaussian. Theorem 1.1 represents a rare setting for
the non-Gaussian situation. Another similar example of the non-Gaussian is the small
deviation for the self-intersection local time (see (1.3) below).

In addition, this work is also motivated by a practical matter arising from the area
of stochastic partial differential equations: The integrability

1 pl . -p
E[/ / 8o(Bs — Br)dsdr] < oo for some p > 0, (1.2)
0 Jo

plays an important rule when studying the regularity of the probability distribution for
the solution of 1-dimensional parabolic Anderson equation (driven by a space-white
Gaussian noise) in [7]. For possible quantification of the smoothness of the solution
density in the future, it might be desirable to find the critical value of p. The following
result is a direct consequence of (1.1):

. . o . . 2
Corollary 1.2 The negative-moment-integrability (1.2) holds if and only if p < 5.

The large and small deviations are two research subjects concerning the probabilities
of the rare events representing two extreme behaviors of the stochastic system: the
random variable takes unusually large values and the random variable takes unusually
small values. For the purpose of comparison in terms of large and small deviations,
we introduce the self-intersection local time

t et
/ / 80(Bs — B,)dsdr, t > 0.
0 Jo
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By Theorem 1.1 in [2] (m = 1, p = 2 for self-intersection, and m = 2, p =
1 for mutual intersection), we have the large deviations for both self and mutual
intersections:

1 1
3
lim e 10gP{/ / 80(By — By)dsdr > 81} =—=;
e—01 0 Jo 2

1 pl
lim ¢ logP{/ / 80(By — By)dsdr > g—l} = 3.
0 JO

e—0t

It is noticeable that the large deviations for two different types of intersections take
the forms close to each other. The story behind is the following deterministic relation:

/ / So(Bs — B )dsdr —/ L(l,x)l:(l,x)dx < %/ Lz(l,x)dx

+§/ L? (1, x)dx

1 1 pl 1 1 pl 5 B
= —/ / 80(By — By)dsdr + —/ / 80(By — B, )dsdr
2Jo Jo 2Jo Jo

where L(¢, x) and f,(t, x) are, respectively, the local times of B; and Et. In the game
of large deviations, the Brownian trajectories that make mutual intersection large are
those that make L(1, -) and I:(l, -) close to each other so that “<” is replaced by “~”
in the above deterministic relation.

The small ball probability for the self-intersection local time [6] takes the form

1,1
lim & logP {/ / 80(Bs — By)dsdr < s} = —c (1.3)
0J0

e—07t

with constant ¢ > 0. A striking difference between (1.3) and (1.1) lies in the disparity
between exponential decay and power decay. The typical paths that the Brownian
motion takes for maximizing self-avoiding are the ones that are close to straight lines,
i.e., By ~ ce 1 e [0, 1]. For the mutual intersection local time, the small deviation
means a totally different game: Two independent Brownian paths tend to avoid meeting
each other right after they set out from the same starting point.

In the following, we outline the idea in our proof: By the Brownian scaling property
and the relation 8g(Ax) = A~ 18¢(x) for any A > 0, we have

t pt 1 1
// So(Bs — B,)dsdr iti“/zf / So(Bs — B)dsdr, Vi>0, (1.4)
0 JO 0 JO

“i”

where means equality in distribution. Therefore, the proof of (1.1) is reduced to
establishing the following bound

1 rrt ~ 1
c— < P{ // So(Bsy — By)dsdr < a} <C- (1.5)
t 0Jo t
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for large ¢ and for some fixed constants ¢, C, a > 0 which are independent of ¢.

In the proof of the lower bound, we separate the Brownian paths B[1, ¢] and f?[l , 1]
into two disjoint and distanced half-lines in a way that leads to B[O, ] N B[l, t]=9
and B[1,t]N B[O, t] = @. Consequently, the only unavoidable intersections are the
ones happening on the time square [0, 1]%.

In other words, the strategy lies in the comparison between the probability of “low
intersection” and the probability of “no intersection”. Indeed, the steps taken in (2.2)
below morally suggests the relation

P{low intersection on [0, t]2} > ¢ P{no intersection on [1, t]z}. (1.6)

Since the probability on the right-hand side is not hard to compute (only for 1-
dimensional Brownian motions, of course), the proof of the lower bound (see Sect.?2)
is the easier one, in comparison with the proof of the upper bound (see Sect. 3). As for
the upper bound, the real challenge is to fill the gap between “low intersection” and
“no intersection” suggested by (1.6).

We end the discussion with a remark on the possible multi-dimensional extensions
in the future. It is well-known that the mutual intersection local time between two
independent d-dimensional Brownian motions exists for d = 1, 2, 3. Therefore, it
makes sense to raise the same question in these dimensions. In view of the heuristic
comparison (1.6),! it brings the famous theorem of intersection exponent by Lawler,
Schramm and Werner (Theorem 1.1, [4]) in which it claims that when d = 2, the
right-hand side of (1.6) is of the order t~G/8+°() a5+ — co. When d = 2, noting
that

t t 1 1
/ f 80(B; — B,)dsdr £ z/ / So(By — B,)dsdr, Vi >0,
0 JO 0 JO

we conjecture that
1 pl ~
P{/ / 80(Bs — By)dsdr < g} =eO/®+o (o 5 o), 1.7)
0 JO

2 Lower Bound

In this section, all we need is to prove the lower bound in (1.5) witha = 1, i.e.,

t pt
P{// So(B, — B,)dsdr < 1} > < 2.1
0J0 t

' We believe it remains morally true in multi-dimensional settings.
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for large ¢. First, we claim that for 7 > 1,

t t
P{// 8o(Bs — B,)dsdr < 1}
0J0

1 p1
> P{// 80(Bs — B,)dsdr <1, min By > —1, max B, < 1,
0 Jo 0<s<l 0<s<l1

(2.2)

min By > 1, max By < —1
1<s<t 1<s<t

:E[IA-PBI{ min BS>1}PE1{ max 1§S<—l}i|,

0<s<r—1 0<s<r—1

where

1 pl
A= {/ / So(Bs — By)dsdr <1, Omin B; > —1, max By < 1},
0J0

<s<lI 0<s<l

and the last step follows from the Markov property and the independence between B
and B.
Indeed, the first step is justified by the fact that on the event

min By > —1, max éS <1, min By > 1, max BS < —1},
0=<s<1 0=s<1 I<s=<t l<s<t

B[O, 11N B[1,¢] = ¥ and B[1, t] N B[O, t] = ¥ which leads to

tpt 1,1
/f 80(By — B,)dsdr = / / So(Bs — B, )dsdr.
0J0 0J0

On {B; > 2}, by (2.5) in Lemma 2.1 we have

Pp, min By >1;>P{14+ min B;>0
0<s<t—1 0<s<t—1

! 2.3)
=PIB—1|§1}~ (t — 00),
{ ' V2t
and similarly, using (2.6) in Lemma 2.1 we conclude that on {E1 < =2},
P B 1} > P{|B;_i| <1 ! 2.4
B 05?2f71s<— > P{|B;—1| =1} \/ﬁ (t — 00). 2.4)
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Combining (2.2), (2.3) and (2.4), we get that when ¢ is sufficiently large, there exists
a constant ¢ > 0 such that

t t
P{// 8o(Bs — B,)dsdr < 1}
0J0

1,1
> gp{// S0(B, — B)dsdr <1, min By = ~1, By =2,
0JO

<s<l1

max By <1, B < —2},
0<s<l

where the probability on the right-hand side is clearly positive. The desired lower
bound (2.1) is proved.

Lemma 2.1 Forany x > O andt > 0, we have
P{x 4+ B; > 0; Vs <t} = P{|B| <x}, (2.5)
and

P{—x + By <0; Vs <t} = P{|B,| <x}. (2.6)

Proof Denote y, A inf{s > 0; By = x}. Then,

P{x+ B; > 0; Vs <t} = P{x—x =t} = P{)x > 1}
= P max B, = x| = PUB| < ),
0<s<t
where the last equality follows from the reflection principle 0max By 4 | B|. This
<s<t

yields (2.5). Equation (2.6) can be obtained by replacing B by —Bin (2.5).

3 Upper Bound

In this section, we prove the upper bound of (1.5) which can be slightly rephrased as

t t - 1
P{ // S0(B, — B,)dsdr < a} - 0(—) (t — 00) 3.1
0Jo t

for some constant @ > 0. We shall specify the constant a > 0 later.

As we mentioned earlier, the central piece of the proof is to compare the “low
intersection” probability in (3.1) with the probability of “no intersection” in a direc-
tion opposite to the one in (1.6). More precisely, we compare the probability of low
intersection for B and B with the probability of no intersection for two independent
simple random walks. We refer to (3.25) and (3.31) below for the implementation of
this idea.

@ Springer
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To this end, we generate two independent simple random walks {Si, k > 0} and
{S’k, k > 0} by Brownian motions in a way that the trajectory {Sx; 0 < k < n}is
intimately close to the Brownian path {Bs; 0 <t < 7,} up to the stopping time 1,
that is given below (same thing is expected between Sk and B)):

We first define a sequence of stopping times {tx }x>0 related to the Brownian motion
B;:

70 =0; w=inf{t > 7415 |B; — By_,| =1}fork=1,2,... (3.2)

Then {S; = By, k > 0}) is a simple random walk with Sy = By. The stopping times
{Tk, k > 0} and the simple random walk {S’k, k > 0} are generated from {1§,, t >0}
in the same way.

Clearly, {tx — Tk—1}x>1 is a sequence of i.i.d. random variables with the same
distribution as t1. Here we point out that the distribution of 71 does not depend on the
starting point of B.> The exact distribution of 71 is known (p. 342, [3]). An instructive
link [5] to the integrability of 71 is given as follows: By the definition of 7y,

1
Plo > 1) = P{I@XIBsI <1} = P{glgw < ﬁ}

72

= exp{ ( +0(1)> } (t —> o0),

where the last step is the classic result on the small ball probability for Brownian
motions (see, e.g., (1.3), [5]). In particular, Eef™ < oo for 6 < n2/8. By a standard
application of Chebyshev’s inequality to the sum of independent random variables,
we get

1
P{|t, — nEri| = ns} < mVar(n). (3.3)

The mutual intersection local time Q,, of the random walks S and S is given by

n
A
On= ) g 5, (3.4)
jk=1
Forn e N,
Tntl L Tntl Titl [Th+1 5
/ / 8o(Bs — By)dsdr = Z/ / 8o(Bs — B,)dsdr
j.k=0 Tk

Tjtl LTh+l B
/ / So(Bs — B;)dsdr
k=1 T

2 We mention this as we allow Bg # 0 and By # 0 in later discussion.
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- Tjl LT+l .
Z Z l{Sj=§k}/ /: So(Bs — By)dsdr
J.k=1 7j Tk
n

= Lg,—5.8ik = Ho  (say), (3.5)
Jj.k=1

»
I

where we denote
A [T Th+1 B
fj,sz / S6o(Bs — By)dsdr for j,k=1,2,...
T Tk

For a technical reason, we allow the Brownian motions to start from somewhere
different from O and use P, 3)(-) for the probability with By = x and By = *.
We follow the convention P(-) = P(o,0)(-). Recall the standard notation used in the
textbook on Markov process:

Pu() = /2 p(dx, dx) Py &) ()
R
for any probability measure ;2 on R2. In the following discussion, we set

1
w= 1{8(_1,—1) + 801y + 811y + 5(1’_1)}_

Despite the fact that (0, 0) is not listed as a starting point of the 2-dimensional Brownian
motion (By, B;) under the distribution w, noting that

P1,-n{H, < a} = Pqn{H, <a}= P{H, < a},

3.6)
P1y{Hy <a}=Pa-n{H, <a} n=12,...,
we have
1 1
Pu{Hy < a} = 3P{Hy < a} + S Pa.-n{Ha < a}. (3.7)
Here, we recall the notation from (3.5),
n
Hy= ) L 567k
jk=1
The proof of (3.1) can be reduced to establishing the bound
1
Pu{Hy < a} = 0(;) (n — 00). (3.8)

@ Springer
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Indeed, by (3.7) we have P{H, < a} < 2P,{H, < a}. Therefore, (3.5) leads to

Tntl L Tntl - 1
P{f f S0(B; — B,)dsdr < a} = 0(—) (n — 00).
0 0 n

Consequently, forany 0 < § < 1,

tpt
P{ /f So(Bs — By)dsdr < a}
0J0
(=)t /Erj 1+1 L T(1=8)t/Exj]1+1 -
< P{/ / 80(Bsy — By)dsdr < a}
0 0

+2P{f[(178)t/Er1]+1 > t}
1 C 1
< 0(—) 4= 0(—) (t = 00),
t t t

where the second inequality partially follows from (3.3).
The remaining of the section is devoted to the proof of (3.8). Set the random set on
Z%_:

AA Rk eA; S;=8), AcCZi.

Notice that #(A ([1, n]?) = Q, where Q,, is the number of intersections givenin (3.4).
We introduce the following stopping time

o 2 min {n > 1 A(L,n]?) # @} = min {n > 1; Q, > 0}. (3.9)

By the law of total probability, we have

n
Pu{H, <a}=) Puo =1, H, <a}+ Pu{o >n}

=1 (3.10)

=Y Pufo =1, Hy <a}+ Pu{Qn =0}.
=1

On the event {o = [}, the intersection {S; = Si} happens either on [1, 1] x {l} or on
{{} x [1,1], or on both. An intersection {S; = Si} is called an early intersection, if
there is no (j1, k1) # (j, k) suchthat j; < j, k; <k,and §;, = Skl.In general, there
may be multiple early intersections due to the multi-dimension of time. On {0 = [},
early intersections happen on [1, /] x {/} or on {/} x [1, /], or on both, i.e.,

{o =1} = {A([O,l — 1]2) = (), early intersection happens on [1, /] x {l}]

U {A([O,l — 1]2) = (), early intersection happens on {/} x [1, l]} .

@ Springer
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Therefore, forl =1, ..., n,
Pfo =1, H, <a}
<P, [A([O,l — 1]2) = (), early intersection happens on [1, /] x {I}, H, < a}
+ P, {A([O,l — 1]2) = (), early intersection happens on {/} x [1,/], H, < a}

=2P, [A([O,l — 1]2) = (), early intersection happens on [1, /] x {l}, H, < a}
(3.11)
On the event {A([O, [—11%) =0, early intersection happens on [1, /] x {l}}, there

is a unique early intersection on [1, /] x {I/} happening at (p,[) for some 1 < p <1,
described by the event

Fo 2 {A(([l, plx [1.11) \ (p,l)) =0, S, = S,}, o=1,....1. 3.12)

Thus, we have
I
{A([O,l — 1]2) =, early intersection happens on [1, [] x {l}} C U Fy .
p=1

Here we mention that, when p = [, the fact tha~t “S = S’l” is an early intersegtion
requires, in addition to “S; # S, ..., S-1 # S, that “S; # S1,..., 8 # S-1”
(and therefore A (([1,1] x [1,1])\(, 1)) = @). Thus,

P, [A([l, [ — 1]2) = {J, early intersection happens on [1, /] x {/}, H, < a}

I
<Y Pu{Foun{H, <al} =) Pu{F,iN (& <a}N{H, <a}}.
p=1 p=1

Combining this with (3.11) yields

I
Pufo =1, Hy<a} <2 Pu{FpuN{épy <a}N{H, <a}}, I=1,....n
p=1
(3.13)

When1 <! <n—2,wehaveon F, ,

@ Springer
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n n
Hy > Z Z I{Sj=~§k}§j’k

j=p2 k=I+2
n—p—1ln—I—1
Y Y e e
{(Spr14j=Sp+1)+(Sp+1=Sp)=(Si+ 144 =S+ 1D +(S1+1—51)} Js
J=1 k=1
n—Il—1
> 1 . —(§ 3 S 5ol 14k
{(Spr14j=Sp+1)+(Sp+1=8p)=(Si+ 144 =S+ +(Si+1—5)} Js
J.k=1
=H, ;-1 (say), (3.14)

where the equality is due to S, = S;on F 0,1~ Note that

Tot2+j [U+2+k N
Eptitjirlik = / 8o(By — B,)dsdr
T

Tp+1+j +14+k
To424j —Tp+l [ T424+k— T+ ~
= o 80<B,p+l+s _ B;Hl_H)dsdr
To+1+j —Tp+l T+14+k —TU+1
Tp424j —Tp+l [ U424k —T+1
= _ _ 50(((Brp+1+s - Brp+1) + (Sp+1 - Sp))
To+1+j—Tp+1 Y U+1+k—Ti+1

- ((Ef[_H-‘rr - B‘E[_H) + (Sl-l—l - Sl))>der

Thus, given (S,+1—3S,, S‘l+1 —S8)) = (z1, z2), the distribution of H,_;_; is the same as
that of H,_;_1 under P, .,),and is independent of {(By, E,); 0<s<t1py1and 0 <
r < T;+1}, and is therefore independent of F, ; and £, ;. By (3.14) and the Markov

property
P {Fo i N{&py <a}yN{H, <a}} < Py {Fpy N{& <a}N{H,—1— <a}}
=E, I:lF/’,lI{Sﬂ,lfa}P(Sp+1—Sp,§[+1—§1){Hn_l_1 = a}] : (.15

By the fact that S,.; — S, = £1 and §;;1 — §; = %1, and by (3.6), the right-hand
side of (3.15) is bounded from above by

Pany{Hn—1-1 < a}E, I:lF/,{[l{ép,1§a}1{5p+l_5p:§l+l_S'l):l

+ Pa.-niHp—i-1 = a}E, [IFNl{ép,zfa}l{spﬂfsﬂaéﬁzwiz)] (3.16)
< (Pa.y{Hu-1-1 < a} + Pa.—p{Huo1-1 < a}) Py {F,i N {0 < a}}
=2P,{Hy_1—1 < a}P, { Fpin{ép <a}}

@ Springer
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OnF,,

To+1—Tp LU+1—T - -
£01 = /0 /0 0((Bey s — Bey) — (Brey — By )dsr

and the right-hand side has the same distribution as &; 1 (under the law P(-)), and is
independent of {(Bs, B)); s<t,andr < fl}, and therefore of F), ;. Hence,

Pu{FpiN{épy < a}} = PulF, }P{&1) <al. (3.17)

In summary, combining (3.13), (3.15), (3.16) and (3.17), we getfor 1 <[/ <n—2,

l
Pulo =1, Hy <a} <4P{511 < M(Z P;L{Fp,l}>Pu{Hn—l—l <a}. (3.18)
p=1

When! € {n — 1, n}, by (3.13) and (3.17) we have the bound

I
Pulo =1, H, <a} <2P{£1) < a}(Z P,L{Fp,z}). (3.19)

p=1
Now, combining (3.10), (3.18), and (3.19), we get for n > 3,

PM{Hn <a}
l

n—2
<4P{§ 1 <a} < Py {F, ,l})P {Hy—j—1 < a}
; ; A 8 (3.20)

l

+2P{sl,1sa}( > ZPM{Fp,I}>+PM{Qn=O}~

le{n—1,n} p=1

Therefore, for any 8 € (0, 1),

oo
> 0" Pu{H, < a)
n=3

o
<Y 0"Pu{Qn =0}
n=3
n—2 1

+4P(EL <a} ) 0" ) (Z P/L{Fp,z}> Pu{H,_1-1 <a)

n=3 =1 *p=1

[e'e) n—1
+2P{&11 <a) 29"(2 PM{Fp,nl})
n=3 p=1
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+2P&11 < a}ZM(ZPM{Fp,n}).
n=3 p=1
(3.21)

Notice that

0o n— l
=0y (Q’ZPM{FP,ZOQ"IPM{H,,_I <a)
1 p=1

- 9(29" P,L{F,,,,,})(ZQ"PM{Hn < a}).
1

n=1

Plugging this into (3.21) and noting 6 € (0, 1), we get

o o0 o n

D 0"Pu{Hy <a} <Y 0"Pu{Qn=0y+12) > Pu{Fpn}
n=3

n=3 n=1 p=1
oo

n o
+4P(E ) < a}( >y P,L{Fp,n}) > 0" Pu(Hy < a). (3.22)
n=1p=1 n=3
We now install the summability of {P(F,;); 1 < p <1 < oo}. Let (p, I) be fixed
for a while. We start by tracking the possible site z € Z where the early intersection
“S, = 8 = z” (given in the definition of F, ;) occurs. Given that S = +1 and
S‘o = %1 under P,, we must have that z € [-2, 2]. Hence,

Pu(Fp)= Y Pu(FpyN{S,=5=z}.
z€[—2,2]

Define the hitting times
T, 2 min{n > 1; S, =z} and fz 2 min{n > 1; S, = z}.
By the fact that “S, = S;” is an early intersection, we have
Pu(Fpi NSy =85 =2) < P{T: = p, T. =1} = PulTz = p} PulT: = 1},
where the last step follows from the independence between S and S. In summary,

PuFp) < ) PAT.=p}Pu{T. =1}, (1<p<l<oo). (323
z€[—2,2]

@ Springer
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Consequently,

l

ZZP(sz)< Z ZZP{T—,O}P (=< Y 1=5.
=1 p=

1 [-2,2] I=1 p=1 z€[-2,2]
(3.24)

Choose a > 0 sufficiently small, so that

1
Pl{&11 <a} < 2

By (3.22) and (3.24),
> 0" Pu(Hy < a) < (1 —20P{E1 < a})il {60+ > 0"P{Q = 0}} . (325)
n=3 n=3

Lemma 3.1 There is a constant C > 0 such that
C
PO, =0}<—, n=12,..., (3.26)
n
and

c
max P{Tz>n}<ﬁ, n=1,2.... (3.27)

z€[-2, -

Proof Under P, So = +1 and Sy = +1. When Sy # So,

{0, =0} C { min S; > —Sp, max S’k < —S’o}
1<k<n 1

<k<n

U{ min Sk > —S(), max Sp < —So}.

1<k<n 1<k<n
When Sy = S(),

(@ =0) | min 5 =S, max § < S} J{ min S = 5. max s < so].

<k=n I<k=n

By sub-additivity, symmetry and independence, we get

Puf{Qn =0}
< P]{ min S; > —l}P,l{ max Sp < 1} —I—P]{ min S; > I}Pl{ max S; < 1}
1<k<n 1<k=n 1<k=<n 1<k<n

2 2 2
= (P{ min S > 2}) + (P{ min S > O}) < Z(P{ min Sp > 2}) .
1<k<n 1<k<n 1<k<n
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As for the hitting time, we have

1 1
PAT; = n} = EP{TH >n}+ EP{TZH > n}

1 1
=S P{T_ ;-1 = n}+ EP{T—|Z+1| > n}

2
1 ) 1 .
= EP{ lglilnSk z —lz= 1|] + EP{ lrfr}cnglnsk > —lz+ 1|],

where the second equality follows from symmetry.
Therefore, both (3.26) and (3.27) are reduced to the proof for the bound of the form

C
P{ min S; > —z} < ==,

I<k<n N
The bound like this looks classic and must exist somewhere in literature. For the
reader’s convenience, we give a short proof here. Since the probability on the left is

non-decreasing in z, we may assume that z > 2. By our construction of the simple
random walk, |B; — Sx| < 1 for 1y <t < tj41. Therefore,

P{ min S > —z} < PH min By > —(z — 1)}
1<k<n 1<s<t,

< P{ min By > —(z— 1)} + Plt, < (1 — $)nEr}
1<s<(1-8)nEr; ’

1 2 C:
< P{|B(1—8)n]Er1| <z-— l] + W]Erl < ﬁ
where the third step follows from Lemma 2.1 and the inequality (3.3). O

Bringing (3.26) to the bound (3.25) we have

0"P,(H, <a}<Cil1 —=C11+1 .
Srninezarzelie 7] =clomls)

Therefore (with possibly different C > 0),

n
no" Py{H, < a} < 0FP{H; <k} < Clog

©—17).
= 1-6

Taking 0 =1 — % for large n, we have

1\n

n(l _ —) Pu{H, < a} < Clogn.

n

So we have the bound
logn
Pu{H, <a) = 0( ) (n — 00). (3.28)
n

@ Springer



5 Page160f19 Journal of Theoretical Probability (2025) 38:5

This bound is weaker than the desired estimate (3.8) and therefore needs to be
strengthened.

Under the re-index [ — n — [ — 1 in the second term on the right-hand side, (3.20)
becomes

n—2 ,n—1-1
Pu{Hy < a} < Py{Qn =0} +4P{E1 1 <a} Y ( > PH{Fp,n_z_1}>PM{Hz <a)
=1 p=1

n—1

+2P{& <a}<2 Pu{Fpn- 1}) +2P{&1 <a}< PM{FM})

p=1 p=1

For large integer k, therefore,

2k+1 2k+1 ok+1 1
> PulHp<a)< )Y P/A{ano}-i-ZP{fl,lSa}( > ZPM{F,),n_l})
n=2k+1 n=2¢+1 n=2k+1 p=1
2k+l n
+2P{sl,15a}( > ZP,L{FP,”})
n=2k+1p=1
2K+l 2 p—1-1
+4P(E <a) Y Z( > PM{Fp,n_l_1}>PM{H15a} (3.29)
n=2k411=1 * p=1
2k+1
<204+ Y Pu{Qn=0)
n=2k41
2K+ 2 n—1-l
+4PE <a) Y Z( Z Fpn—i- 1}>PM{H15a},
n=2k411= p=1

where the last step follows from (3.24).
For the summation in the last term on the right-hand side,

2K+ 2 p—1-1

Z Z( Z PM{Fp,n—l—l})PM{Hl <a}

n=2k+11=1 ~ p=I
2k+l 2k+l n—1—

1-1
=< ZPM{HZ Sa} Z Z PM{Fp,n—l—l}
=1

n=max{l+1,2k}+1 p=1

DA,
<ZP{H1<H} Yo > PulFpai}
n=2k+1 p=1
2k+l 2k+l n—1-1
+ Y PudHI<a) Y Y PulFpa-ioa). (3.30)
1=2k+1 n=I4+2 p=1
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For the first term on the right-hand side, by (3.23) and (3.28),

2k 11

ZP{H[<G} Z ZP{Fpnll}

n=2k4+1 p=1

ok+l 1

czlog D Z PuT. = p)Pu{T. =n — 1 -1}

n=2k4+1 p=1 z€[—

<cC Z Zlogl Y Pl =n—1-1)

[-2,2] I=1 n=2k+1

<cC Z Zloglp (T, > 28— 1

[—2,2] I=1

log! 1
<C
Z V2 l+1

where the last step follows from (3.27), Lemma 3.1. We claim that the summation on
the right-hand side is bounded in k. Indeed,

2/( 2/(71 k—1 k
logl 1 <ot log! log2 Z
NG e e T k—1 Jk_—l+1
I=1 ! 2k —1+1 I=1 ! 2 [=2k=141 [+1
| _ 10g2k71 k=1
<c[2 7 (log 272 + 2 ]

and clearly the right-hand side is bounded in k.
As for the second term on the right-hand side of (3.30), we use the easy bound

PR,

Z Z PM{FP,nflfl} = ZZ PM{Fp,n} <S5,

n=I+2 p=1 n=1 p=1

where the last step follows from (3.24).
Combining the steps after (3.30), we get

2kHL 2 n—1-l 2k+1
> Z( > PM{Fp,n7;71}>PM{H, <a)<C+5 Y Pu{Hy, <a).
n=2k411=1 " p=1 n=2k+1

Plugging this into (3.29), we have

2kl 2k+1 2k+1
D> PulHy<al<C+ Y Pu{Qn=0}+20P{&1 <a} ) Pu{Hq<al,
n=2k41 n=2k41 n=2k41
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or equivalently,

2k+1 k+1

Y Rult<a = (1-20P <a)) e Y R0, =0)). 63D

n=2k+1 n=2k+1
In view of (3.26) in Lemma 3.1, the sequence

ok+1 2k+1

Y A =0i= 3 T (g2 —tog2t) =

n=2k+1 n=2k+1

is uniformly bounded in k. Therefore, (3.31) yields that there exists a constant C
independent of k such that

2k+l
> PuH,<a}<C forallk=12,...,
n=2k+1

which leads to, noting the monotonicity of P, {H, < a}inn,

1
PM{H2k+1§a}§C? forallk=1,2,...

By the monotonicity of the random sequence { H,}, this leads to (3.8). m]
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